Urban heat island (UHI) is a phenomenon that occurs in cities worldwide. Therefore, there is an increasing need for studies on the changes in UHI intensity and long-term trends based on macroscopic characteristics related to urbanization. In this study, changes in seasonal UHI intensity based on urban area were analyzed for eight Asian mega cities from 1992-2012. The results indicate that the change in pattern of UHI intensity varies for different cities and seasons. UHI intensity increased as the urban area size increased. Furthermore, the dependency of UHI intensity on the economic situation was also demonstrated. With respect to the seasons, significantly increasing trends appeared during the summer. Moreover, depending on urban characteristics such as geography and climate, increasing trends appeared during other seasons. Population was also found to affect UHI intensity by generating anthropogenic heat; however, its effect as an individual factor appeared to be insignificant. This is a macroscale study that analyzes the effect of urban area size on UHI intensity. Future studies on urbanization factors and levels influencing the UHI intensity using higher resolution materials are required Sustainability 2020, 12, 112 2 of 11 characteristics or fundamental differences among them. The number of systematic empirical studies of the latter type has increased because of the accessibility of remote sensing with global coverage [9] , and our study falls into this category. Several studies have indicated that continuing urbanization progressively increases the UHI intensity, and several others have demonstrated that the urban impact could have an effect on recent warming trends [10] [11] [12] . Hence, comparative studies on UHI changes for cities with different climatic and socio-economic situations, and on urban characteristics, are essential for researchers and decision-makers [6, [13] [14] [15] [16] .
Introduction
Urban heat island (UHI) is a commonly observed phenomenon worldwide; it is an urban area where temperatures are significantly higher than those in the surrounding areas. It causes problems such as changes in relative humidity, increase in energy consumption, and human thermal stress [1] [2] [3] [4] . The UHI effect arises from the anthropogenic modification of natural landscapes and the consequent atmospheric and thermophysical changes in the urban boundary layer [5] . The formation of UHI can be mainly ascribed to the increased absorption and trapping of solar radiation in built-up urban fabrics, and to other factors, including population density of built-up areas and vegetation fractions [6] . Specifically, the built-up areas of cities can cause changes in albedo, thermal capacity, and roughness, and can significantly modify the surface-energy budget [7] . In addition, urban areas are the main source of anthropogenic carbon dioxide emissions, which are generated by burning fossil fuels for heating and cooling purposes, industrial processes, and transportation [6] . In this regard, the size of urban areas could be a major factor in UHI development, as explained by Oke [8] . However, the characteristics of such a correlation are not clearly understood.
UHI studies can be categorized into two fields. One type involves case studies, which focus on one or a few cities and evaluate the UHI phenomenon with immense detail. In contrast, the other type-ensemble or cross-sectional studies-examines several cities to understand the common Developing countries are steadily urbanizing, with an average urbanization rate of approximately 2% [22] . Asian cities are growing continuously in terms of both population and physical size because of urbanization; however, due to varying characteristics of topography, population, and economic situation, changes in trends and differences in UHI intensity values based on urban area are expected to be observed. To compare and analyze the differences among eight mega cities, representative features such as geography, population, GDP at Purchasing Power Parity (PPP), and climate were examined; here, GDP growth rate refers to the projected average of real GDP growth rates between 2008 and 2025 ( Figure 1 ) (Table 1) [23, 24] .
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Data
Our study uses three major data sets: (i) land-cover information, (ii) surface-air temperature, and (iii) city-boundary information. For the land-cover information, annual land cover (LC) maps from the climate change initiative (CCI) of the European Space Agency (ESA) from 1992-2012 were used to identify and compare the changes in land cover. The CCI-LC maps deliver consistent global land cover at a 300 m spatial resolution on an annual basis. This unique dataset was produced by reprocessing and interpreting different satellite missions (MEdium Resolution Imaging Spectrometer (MERIS), Advanced Very-High-Resolution Radiometer (AVHRR), Satellite Pour l'Observation de la Terre Vegetation (SPOT-VGT), etc). Thus, this set of annual maps is not produced independently, and its key aspect is its consistency over time [25] . Data created by the ESA CCI are publicly available. In this study, we used maps from 1992-2012 to evaluate the changes in urban area size. The urban area in the CCI-LC consists of global human settlement layers and the global urban footprint [25] . Table A1 provides an overview of the LC classes (see Appendix A). An example of urban growth in Beijing is provided in Figure 2 .
resolution of 30 arc sec (~1 km). For downscaling and assimilating mean monthly temperatures, the monthly means of daily mean temperatures derived from six-hourly synoptic data of ERA-Interim reanalysis were used. The ERA-Interim reanalysis combines the modeling results with ground and radiosonde observations as well as remote-sensing data provided by institutions, such as National Oceanic and Atmospheric Administration/ National Environmental Satellite, Data, and Information Service (NOAA/NESDIS) and the Japan Meteorological Agency, which use a data-assimilation system [26, 27] . In addition, the CHELSA temperature data reflect the temperature differences due to elevation that may affect the UHI intensity. The CHELSA temperature data were validated by using several independent station datasets, such as the Global Historical Climatology Network, and were applied to species-distribution modeling to compare with the most commonly used climate dataset for this purpose, which is WorldClim. The validation results showed that CHELSA can predict the spatial patterns of temperature distributions well and can accurately predict the observed values of temperature on a small scale. Further, CHELSA could be a substantial improvement over existing products that are currently being employed for ecological studies [26] . Therefore, CHELSA data are considered to be suitable for analyzing the UHI intensity of each city.
For the boundary information of cities, we used the database of global administrative areas (GADM) data. GADM is a database of the location of the world's administrative areas (boundaries). Administrative areas in this database are countries and lower-level subdivisions, such as provinces and departments. GADM describes the location of administrative areas, and for each area it provides certain attributes, the foremost being the name, and in some cases, variant names (see https://gadm.org/data.html). For the surface-air temperature data, mean temperature time-series data from CHELSA for 1992-2012 were used. CHELSA data are downscaled model output temperatures, having a high resolution of 30 arc sec (~1 km). For downscaling and assimilating mean monthly temperatures, the monthly means of daily mean temperatures derived from six-hourly synoptic data of ERA-Interim reanalysis were used. The ERA-Interim reanalysis combines the modeling results with ground and radiosonde observations as well as remote-sensing data provided by institutions, such as National Oceanic and Atmospheric Administration/ National Environmental Satellite, Data, and Information Service (NOAA/NESDIS) and the Japan Meteorological Agency, which use a data-assimilation system [26, 27] . In addition, the CHELSA temperature data reflect the temperature differences due to elevation that may affect the UHI intensity. The CHELSA temperature data were validated by using several independent station datasets, such as the Global Historical Climatology Network, and were applied to species-distribution modeling to compare with the most commonly used climate dataset for this purpose, which is WorldClim. The validation results showed that CHELSA can predict the spatial patterns of temperature distributions well and can accurately predict the observed values of temperature on a small scale. Further, CHELSA could be a substantial improvement over existing products that are currently being employed for ecological studies [26] . Therefore, CHELSA data are considered to be suitable for analyzing the UHI intensity of each city.
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Method
The UHI effect arises from the anthropogenic modification of natural landscapes in the urban boundary layer [5] . Therefore, as the urban area increases, the UHI intensity also increases. To reflect this trend, we defined the UHI intensity of each city as the difference between the average temperatures of an urban area and those of its surrounding areas within the city boundary [28] . The equation to derive UHI intensity is as follows:
where, T u and T s are mean temperatures of the urban area and the surrounding areas of the urban area, respectively (See Equation (1)). We have excluded the water bodies while calculating UHI intensity because they can influence the temperature significantly [21] . For calculating the seasonal average temperature, spring was defined as March-May, summer as June-August, autumn as September-November, and winter as December-February [18, 29] . The equation that is used to derive the seasonal average temperature ( • C) using CHELSA data is as follows:
where, T 1 , T 2 , and T 3 indicate the mean temperatures each month belonging to each season in unit of absolute temperature (K) multiplied by 10 [30] . After extracting the urban-area and surrounding-area shapes for the period of 21 years (1992-2012) for each city, the average temperature was calculated for each year and season to derive the UHI intensity. By using the derived UHI intensity, a time-series analysis for the 21-year-period was performed, and the change in UHI intensity was identified using the observed trend. Further, a Pearson correlation analysis was performed between the yearly values of UHI intensity and urban area size to confirm the quantitative correlation. To calculate the urban area size, the universal transverse Mercator zone was identified for each megacity to transform the city into a coordinate system. Through the Pearson correlation analysis, a significant correlation could be established if the p-value was less than 0.05.
In addition, the difference in the UHI intensity values and the change trend of each city were confirmed [31] . The changing pattern of UHI intensities can vary depending on spatial characteristics, such as the density of the built environment and the vegetation ratio in urban areas. These characteristics can be different for each city. In addition, UHI intensities are affected by temporal characteristics, such as wind speed and cloud cover; because of cloud cover, UHI intensities tend to be higher during the warmer summer months and lower during the colder winter months [32] . Therefore, the trend of UHI intensity change is different for each city and season in this study. All GIS and remote-sensing data were processed using the ArcGIS 10.3 software; correlation analysis was performed using the SPSS24 program, and time-series analysis was performed using the Excel program.
Results

Correlation Analysis
Significant positive correlations were observed in all cities with an urban area size of over 300 km 2 in 2010 and with a GDP of over $100 bn at PPPs in 2008, except for Chongqing. Seasonally, the most significant positive correlation was observed in summer, and the least significant one was observed in winter.
Beijing, despite these characteristics, did not show any correlation between the UHI intensity and urban area size in summer; however, it was the only city that showed a significant positive correlation in winter. These results, like those of previous studies, appear to be related to Beijing's climatic and geophysical characteristics [33] . Winter in Beijing is drier than summer; during the dry season, the UHI effect could be at its peak, producing high temperatures in urban areas [34] . In a high-latitude city, the UHI intensity is likely to be higher in winter than in summer because of the reduced solar heating, which reduces the vertical turbulent transport and boundary-layer depth [35] . In addition, the anthropogenically generated heat in winter could be one of the factors. The combined effect of these factors appears to form the pattern of Beijing's UHI phenomenon.
In the cases of Dhaka and Karachi, no correlation between the seasonal UHI intensity and urban area size was observed. According to Spence et al. [36] , urbanization is related to a city's growth in terms of per-capita income as well as urban-based industries and services. In developed countries, urbanization rates and growth are related. Furthermore, per-capita income increased much more rapidly when the urbanization rate reached close to 60%. However, even after productive industrialization, urbanization has not been observed in developing countries such as Bangladesh. As a result, cities experiencing relatively lower economic achievement fail to structurally shift from rural activities to urban-based industries; this could possibly be the reason for a non-linear change in UHI intensity with urban area size.
Despite the relatively low GDP in 2008, Chongqing, similar to Dhaka and Karachi, showed a significant and strong correlation for the spring and summer UHI intensities. One of the factors could be the basin topography of Chongqing. Basin topography can produce an ascending thermal airflow on basin city enveloped by foul air to lead hot air sinking along with the mountain in the basin edge barrier, which can affect the UHI intensity rise when compared with other cities [37] . In addition, Chongqing is the largest central-government-controlled municipality in China and is currently undergoing rapid urbanization. It attracted considerably greater foreign investment during the reform era of China and the rate of urban industrialization and urbanization has increased significantly Comparing to the past. [38, 39] .
In Manila and Mumbai, the correlation between summer UHI intensity and urban area size was found to be significant and strong, and the autumn UHI intensity was found to be moderately significant. In the case of Manila, a previous study reported that urbanization affected the tendency of sensible heat flux and summer rainfall, and this phenomenon could influence the UHI intensity of the relatively warm season [40] . As Mumbai is also one of the largest metropolises of South Asia, modification of the land surface caused by urban development was observed [41] . According to the existing literature, the UHI of Mumbai appeared to be stronger than that of Delhi, which is a similar metropolitan city. This was owing to Mumbai's coastal environment with low tree cover and the dense horizontal and vertical growth of buildings [42] .
In the cases of both Seoul and Tokyo, a significant and strong correlation was observed for summer UHI intensity. In addition, for Tokyo, a significant correlation was observed for spring and autumn UHI intensity. As developed megacities of East Asia, several previous studies identified the UHI phenomenon in Seoul and Tokyo [14, 43, 44] . Specifically, in Tokyo, widespread urban warming, known as the extended heat island, appeared in summer because of enhanced surface heating over a large urban area and reduced sea-breeze penetration caused by the increased surface convergence ( Table 2 ) [45] . 
Time-Series Analysis of UHI Intensity
From the results of the time-series analysis, an increasing trend was observed for UHI intensity during summer. The increase rates of summer UHI intensity for Manila and Mumbai were 0.015 • C/decade and 0.036 • C/decade, respectively. In the cases of Seoul and Tokyo, the increase rates were approximately 0.02 • C/decade and 0.085 • C/decade, respectively. Further, in the cases of the other seasons, the significantly increasing trends were different for different cities; this result is similar to that of the correlation analysis. Moreover, in the case of Beijing, the highest increasing rate was observed for winter UHI intensity, which is 0.18 • C/decade.
In the case of Chongqing, the results were similar to those of a previous study. The UHI intensity increase rate was approximately 0.07 • C/decade in summer and spring, and approximately 0.05 • C/decade in autumn. A previous study also reported an increase rate of 0.10 • C/decade for the annual mean temperature during 1951-2010 in Chongqing [39] . However, further research is needed in this regard.
In the case of Dhaka and Karachi, the determination coefficient was lower than 0.1 for all seasons, demonstrating an insignificant change in trend. Especially for Dhaka, there was a small difference in temperature between the urban area and its surrounding areas in spring and autumn; however, in summer, the urban heat sink phenomenon was prominent in both cities. This phenomenon results in a cooler urban area when compared with its surrounding areas. This is attributed to urban morphological factors or seasonal surface characteristics, and existing studies have confirmed that this phenomenon occurs in urban areas whose surrounding areas are desert or agricultural land; moreover, this phenomenon is especially prominent in summer [46, 47] . As of 2012, approximately 38.2% of the surrounding areas of Karachi were found to be cropland and bare areas. In the case of Dhaka, this value was 96.4%. These results may have been due to the characteristics of the city or to limitations in data, such as in the resolution; therefore, further research is needed in this regard.
The UHI intensity increase rates and values obtained in this study may be different from those obtained in previous studies because of the differences in time period and spatial scale. However, the results obtained in this study are for entire cities and may be different from the UHI intensity values of smaller administrative units in a given city [44] .
When the average UHI intensity with respect to an intercept value was considered for each city, the UHI intensity was found to be higher than 2 • C for all seasons in Beijing and Tokyo, and lower than 0.5 • C in all the other cities. The urban-area sizes of both these cities are more than 1000 km 2 and are considerably higher than those of other cities. This result also indicates that the UHI intensity and urban-area size have a significant correlation. The examples of summer UHI intensity changes for 1992-2012 are depicted in Figure 3 . In Seoul, UHI intensity change is similar to the growth of urban areas, but in the case of Karachi, there is a lot of fluctuation and no obvious tendency. Moreover, there is the appearance of urban heat sink (Table 3) .
Beijing 0.0076x + 2.4156 0.098 0.0039x + 2.2554 0.069 0.0023x + 2.3311 0.019 0.0183x + 2.0819 0.373
Chongqing 0.0068x + 0.4622 0.673 0.0066x + 0.4669 0.614 0.0046x + 0.4844 0.278 0.0016x + 0.4214 0.042 Dhaka 0.0003x − 0.0032 0.002 -8E-05x − 0.0592 0.002 0.0005x + 0.0011 0.006 -0.0061x + 0.1532 0.056 Karachi 0.0024x − 0.1233 0.007 -0.0007x − 0.0823 0.019 -0.0039x + 0.0638 0.051 0.001x + 0.0739 0.002 
Conclusions
We attempted to obtain UHI intensity change trends based on urban-area size for eight Asian mega cities in different seasons using global climate modeling data. Our analysis suggests that there is a difference in the correlation between the urban-area size and UHI intensity, based on the characteristics of each city and season. In addition, the UHI intensity varies depending on the urbanarea size and economic situation; these can affect the UHI intensity only when a certain level is attained. Unlike urban-based industrialization, urbanization caused only by an increase in urban area does not have a significant impact on UHI intensity and city growth; thus, a simultaneous increase in built-up density is necessary. The geography and climate can affect UHI intensity as in the case of Beijing and Chongqing. In addition, population can affect UHI intensity by generating anthropogenic heat; however, its effect as a single factor appears to be insignificant. Seasonally, most of the cities exhibit a significant correlation in summer, with the least significant correlation in winter. Further, 
We attempted to obtain UHI intensity change trends based on urban-area size for eight Asian mega cities in different seasons using global climate modeling data. Our analysis suggests that there is a difference in the correlation between the urban-area size and UHI intensity, based on the characteristics of each city and season. In addition, the UHI intensity varies depending on the urban-area size and economic situation; these can affect the UHI intensity only when a certain level is attained. Unlike urban-based industrialization, urbanization caused only by an increase in urban area does not have a significant impact on UHI intensity and city growth; thus, a simultaneous increase in built-up density is necessary. The geography and climate can affect UHI intensity as in the case of Beijing and Chongqing. In addition, population can affect UHI intensity by generating anthropogenic heat; however, its effect as a single factor appears to be insignificant. Seasonally, most of the cities exhibit a significant correlation in summer, with the least significant correlation in winter. Further, the rates of UHI intensity increase Sustainability 2020, 12, 112 9 of 11 appear to be the highest during summer, and the rates during other seasons differ based on the city. If a city does not have a sufficient built-up area density, the urban heat sink phenomenon may occur depending on the season. Seasonal changes in UHI intensity were found to be either the same or different, compared with previous studies; therefore, further research is needed in this regard.
A comparative study of the long-term UHI phenomenon is not simple because of the complexities regarding acquisition and inconsistency of data. This study, thus, is meaningful because UHI intensities were compared and analyzed for multiple cities and seasons using unified and available data and methods. CHELSA temperature data seem to be able to capture the average increase in temperature as urban areas increase. However, there may be limitations, such as microscopic differences due to the resolution of the data and the use of the average temperatures of three months. Therefore, further studies on urbanization factors and levels influencing the UHI intensity using higher resolution materials and methods will be needed. 
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Appendix A Table A1 . Legend of the global climate change initiative-land cover (CCI-LC) maps.
Value
Label Color 10
Cropland, rain-fed 20
Cropland, irrigated or post-flooding 30 Mosaic cropland ( >50%)/natural vegetation (tree, shrub, or herbaceous cover) 40 Mosaic 
